S5 Text. Higher/lower resolution of regions of interest
We assessed the prediction performance when we used a parcellation scheme other than Glasser’s region of interest (ROI). We investigated Shen’s ROI [2] and Power’s ROI [3], which are widely used in previous studies [4, 5]. As a result, the area under the curve (AUC) in the independent validation dataset was 0.74 for Shen’s ROI and 0.76 for Power’s ROI, respectively. This result indicates that there was not much of a difference compared with the prediction performance using Glasser’s ROI (AUC=0.74).
	Furthermore, we investigated the effect of a higher/lower resolution in the parcellation on prediction performance using Schaefer’s ROI [6]. Since there are approximately 100 to 1,000 ROIs in increments of 100, Schaefer’s ROI is suitable for investigating the effect of higher/lower resolution parcellations. We excluded 1,000 ROI from this analysis because the scanned volume did not cover all 1,000 ROIs. As a result, the max AUC was achieved when we used 400 ROIs (AUC = 0.75). The AUC increased monotonically up to 400 ROIs, and decreased for over 400 ROIs (S4 Fig). The accuracy as a function of the number of ROI showed a similar profile to the AUC, but the maximum accuracy was achieved when we used 500 ROIs (accuracy = 69%). As such, our choice of Glasser’s 379 ROIs was adequate. AUC, area under the curve.
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